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Mind vs Machine: A Window into the 
Paradox of Control
Emma Reford

“And we shall find as well that our intuitive expertise, irreducible to rules, 
casts the weight on the side of the human mind as we try to establish a new 

balance between ourselves and our ever more powerful, yet perhaps perpetu-
ally limited, machine”

- Hubert L. Dreyfus and Stuart E. Dreyfus, Mind over Machine, xv

 Our lives are defined by our minds. Whatever and wherever it 
is, the human mind endows us with thought, perception, emotion, and 
motivation. It is a world all of our own, and we exist within it just as we do 
on the planet which we share with others. The mind has long tortured the 
human race with its mere existence, for as Herbert and Stuart Dreyfus ex-
plain in the quote above, it may not be defined in any clear delineation of 
order or rule. Nevertheless, each generation of humanity strives to under-
stand it, an undertaking ultimately motivated by the hopes of understand-
ing the self. Born from man’s relentless quest to define himself—to assign 
to his individual and his race boundaries by which his existence may be 
captured, is our endeavor to find this formula to describe the mind, to 
describe man. Driven by the addiction of this monumental effort, men 
have reached outside themselves to create the computer, an embodiment 
of formulaic thought and logical processing. How is such an invention, no 
doubt one of great achievement and importance, to help us to understand 
our own code just as we grasp that of a machine? 
 Alan Turing offered a comparison between the human mind and 
the machine by way of his Turing Test, a game of sorts to prove whether 
a computer has human intelligence. In theory, this test can offer great 
insight into the mechanisms of human intelligence, and subsequently the 
human mind. For, if we can create human intelligence in another entity, 
we surely can understand the human mind and thus unlock the secrets 
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of the self. However, there are innate differences between the human 
mind and a machine and continued, perhaps eternal, questions of what 
the human mind is and how it works. Human intellect is in fact current-
ly measured via IQ and modeled in a number of ways, but I argue that 
human intelligence is in reality too complex to model. Hence, the Turing 
Test ill defines human intelligence operationally, offering an imperfect 
understanding. Therefore, the Turing Test cannot prove that a machine 
has human intelligence because man’s intellect is not programmable in 
mechanical code. Although this assertion may seem to demoralize the va-
lidity of the field of artificial intelligence, the history and continuation of 
technological advancement need not be overshadowed nor framed by the 
failures of the Turing Test, as the nonfulfillment of this logical endeavor 
has negligible impact on the potential of computers. To elaborate on these 
points, I will first establish that the human mind is fundamentally differ-
ent from a machine, and I will discuss the nature of human intelligence, 
as far as it seems understandable. I then apply the implications of these 
differences and considerations to argue why the Turing Test cannot prove 
a machine has human intelligence as it is an imperfect method by which 
to do so. Next, I delineate several reasons why this failure of the Turing 
Test should not matter in the context of all that has been and can be ac-
complished by artificial intelligence. Finally, I offer a discussion of how we 
might now approach the relationship between the mind and the machine. 
 To begin this argument, I will define concretely a human and 
a machine in order to avoid ambiguity or vagueness in understanding 
the relationship between the two. Once the properties of each have been 
established, I will outline the processes and goals of the Turing Test in 
comparing these two entities and elucidate the current role of the Turing 
Test in artificial intelligence. These initial steps in this paper, and perhaps 
subsequent ones as well, may seem to be quite removed from the everyday 
life of the everyday man, but in fact, few discussions better encapsulate 
the zeitgeist of our world. For contemporary life is defined by technology: 
we live in an era ruled by machines—to them we owe much of our work, 
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relaxation, data interpretation, and safety. Thus, human evolution seems 
to be irreversibly tied to that of machines. 
 The first step in understanding this intertwined and complicated 
relationship between man and machine is to understand exactly what 
each of these entities are. We will assume that a human is any being who 
is a member of the species Homo sapiens. Clarifying a machine, however, 
requires a little more explanation. H.M. Lucas asserts that a machine is 
“an apparatus which performs a set of operations according to a definite 
set of rules.” Man programs a machine by giving it a set of instructions 
and an initial input on which to base its calculations (Lucas, 1961). A 
computer, a word which I will use interchangeably with machine, is thus 
in simple terms a “symbol manipulator” (Dreyfus, 2012, p. 53). Therefore, 
a defining factor of a computer is its finiteness: processes must be de-
scribed exactly with precise, unambiguous rules and programs. Comput-
ers may perform infinitely many tasks, which is evident in the new, seem-
ingly impossible achievements accomplished every day by more and more 
advanced machines, but these uncountably many skills are the conglom-
eration of similarly uncountably many computers. Each machine can only 
complete the definite number of tasks which have been encoded into it 
(Lucas, 1961). With each passing generation, man unlocks more and more 
mechanical potential, but the idea of computers is not a contemporary 
one, as the theory of machines far proceeded their actual development. 
 Intellectual giants of past eras have long anticipated and outlined 
the power of combinatorial systems governed by rules; Descartes, Pascal, 
Leibniz, Boole, and Babbage are a few of the men who understood the im-
plications of the promise of formal systems. In fact, formal systems—any 
process governed by self-evident axioms and rules of procedure—have 
long fascinated man and inspired centuries of investigation into what it 
means for knowledge to be true. The simplest formal system is arithmetic, 
and by its axioms and rules, we can prove such seemingly trivial knowl-
edge as one plus one is two. We can thus apply a logical truth value to this 
statement: it is and we can prove it. Is this what Descartes, for example, 
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imagined?
            A machine is the formal system that the intellectual greats of the 
past dreamed of, but today even the most technologically challenged 
contemporary person has certain expectations of a computer. I will 
now probe deeper into what we mean by “machine” and explore sever-
al complexities within the above understanding, some of which might 
seem to stretch the boundaries of our definition. First, we demand that 
a machine be consistent—with each input there is an associated output. 
Although most do not understand the wiring and electric connections 
beneath their keyboard, the mechanisms of a computer are essentially 
parallel to axioms and rules, and thus, a certain input ought to follow the 
same path each time so that we do not output that one plus one equals 
three. Roger Penrose, mathematical physicist and philosopher of science 
at the University of Oxford, addresses exactly this argument when he 
rebukes the suggestion that there can be an algorithm which is not fixed 
and therefore continuously changing. In theory, this fluxing algorithm 
could encode computers to react differently depending on circumstance 
and perhaps even enable machines to learn. However, Penrose asserts that 
even a “changing algorithm would need some specification to the rules 
whereby it actually changes” and thus this formula “is really just another 
instance of a single algorithm,” thereby negating the argument (Penrose, 
1994, p. 78). Take a computer game for example: yes, the course of the 
game changes as one moves through it, seemingly adjusting to the player’s 
choices. However, in reality, there are only a set number of choices one 
may actually make in the context of the game. The player is confined to 
playing the game. While today’s computer games offer incredibly lifelike 
simulations with multitudes of choices, each choice still follows the path 
of some algorithm: if this choice…then this display. There is still a basic 
code which accounts for each action of the player and what the computer 
should do as each choice is made. A computer as this paper understands 
is fixed, for its most basic processing is tied to the algorithm programmed 
by its creator. It is this algorithm which empowers it to execute unthink-
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ably impressive feats of mathematics, display beautiful works of art, and so 
many more complex feats.
 Another issue to consider when discussing changing algorithms 
in a computer is the idea of an algorithm which changes itself. That is, 
this algorithm reacts to input to actually modify its own code and react 
differently in various situations. The definition of an algorithm is that it is 
defined by rules, so at some level, this algorithm must have some perma-
nent, unchanging directives which it follows. Perhaps these rules are built 
into the algorithm itself, but I emphasize that they are constant in their 
existence and thus fixed. There may be layers upon layers of stipulations 
encoded for this algorithm which can change, but at the basic level, no 
matter how deep this is, there are rules which do not change and exert 
control over the subsequently varying commands. 
 What do the great thinkers of today imagine when they think of 
a machine? Prevalent is the terrifying notion that machines will take over 
the world—defeating humans in their superior abilities and completely 
supplanting any necessity for human contribution. While this is not the 
goal of the contemporary pursuit of artificial intelligence, the study of 
any intelligent agents, this fear seems to be a logical inference for those 
who simply hear that scientists are attempting to simulate human skill in 
computers. In 1965, Herbert Simon said that “[m]achines will be capable, 
within twenty years, of doing any work that a man can do” (Dreyfus, 2012, 
p. 67). Therefore, a pervasive problem in the field of artificial intelligence 
is how to program a machine to have human intelligence. But underlying 
this question, is another perhaps lesser known one: how to know whether 
a machine has human intelligence. An answer was proposed in 1950 by 
Alan Turing by way of an imitation game, but since then, problems, chal-
lenges, and proposed solutions to Turing’s initial test have forever changed 
how man understands machines. 
  What does it mean to for one entity to imitate another? Accord-
ing to Merriam-Webster, imitation is defined as “something produced as 
a copy: counterfeit.” Thus, an imitation is an identical, or at least very sim-
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ilar, version of the original—but it is not the original. We have all played 
an imitation game and copied another’s, usually a sibling or friend’s, exact 
speech and mannerisms. However, everyone involved in this childish 
act knows the copier is not the original actor. Imitation does not imply 
becoming. 
 In 1950, Alan Turing developed a much more sophisticated 
version of the imitation game—one played not between two grumbling 
and squeaky children but between a man and a machine. In this imitation 
game, the intent is not for one to annoy the other, but instead to deter-
mine whether a computer has human intelligence. I will now explain what 
this Turing Test is, and I will go on to argue that it cannot show a machine 
has human intelligence. The test goes as such: in a room is a computer 
and a person, and the player may communicate with both by teletype. The 
conversation might take any path—from favorite foods to Shakespearean 
plays—and may last as long as desired. If the player can never tell which 
is human and which is machine, nor even have suspected either was not 
human, the computer may be deemed to be intelligent in the same way 
man is. The computer will thus have responded to “human questions in a 
human-like way” such that the interrogator could not have distinguished 
man from woman by these answers, much less man from machine. Turing 
argues that “the only way a computer could imitate a human being that 
successfully…would be to actually think like a human being” (Halpern, 
2006, p. 43).
 Turing proposed his landmark test in his paper “Computing 
Machinery and Intelligence.” Later renamed “Can a Machine Think,” this 
work “has become one of the most reprinted, cited, quoted, misquoted, 
paraphrased, alluded to, and generally referenced philosophical papers 
ever published.” In a mere 28 pages, Turing influenced contemporary 
understanding of “artificial intelligence (AI), robotics, epistemology, [and 
the] philosophy of the mind.” What did it mean to think? To know? Tur-
ing, confident in his test’s ability to judge human intelligence, predicted 
that by the turn of the millennium, digital computers would be accepted 
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as “thinking.” Importantly, Turing defined “intelligent” not in the ability to 
give correct answers to questions, but to offer responsive ones—commu-
nication which proves understanding of prior remarks. The key in detect-
ing this is recognizing autonomy of thought (Halpern, 2006, p. 42-4): The 
responder must have its own ideas, and responses ought not to be regurgi-
tations of the questioner’s words. Turing stressed originality.
 Having explained what the Turing Test is, I will now explore its 
implications in contemporary artificial intelligence, which hopefully will 
begin the discussion of the relation between the mind and the machine. 
Today, Alan Turing inspires hordes of intellectual leaders to recreate hu-
man intelligence and thus create a machine that will pass the Turing Test. 
These artificial intelligence geniuses yearn to adopt Turing as their “spir-
itual father and philosophic patron” (Halpern, 2006, p. 44). These men 
and women need to believe that he is correct, and that human intelligence 
can indeed be simulated in a computer. Turing provided a concrete goal 
for artificial intelligence, but if this goal is not even attainable, what are 
programmers after? However, complicating this pursuit is the ambiguity 
of what is and is not AI, as often unthinkable breakthroughs and devel-
opments initially labelled as artificial intelligence are “demoted to plain 
old applications when their novelty has worn off ” (Halpern, 2006, p. 48). 
As each new development comes to be known as just another package of 
computer software, nothing yet has emerged which we can definitively say 
is artificial intelligence.
         To accomplish this daunting task set forth by the Turing Test, the 
machine must imitate the human mind, for the computer is deemed in-
telligent when it can imitate human intelligence. A very simple definition 
of intelligence is “the acquisition and application of knowledge” (Merri-
am-Webster). It is safe to say many have held that human intelligence is 
controlled by the mind (Plato, Aristotle, Turing, Dreyfus, Harnard). Ergo, 
to understand why human intelligence cannot be imitated I will talk about 
the human mind. Interestingly, a popular method by which to understand 
the human mind is in fact to describe it as a machine. It does appear that 
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the mind might be explained to function along a parallel structure as a 
machine, for as Lucas offers, the information from the senses is the input, 
the neural circuits the axioms/procedures/rules, and the action or percep-
tion the output (2017). One may even draw a direct comparison between 
the software and hardware of a machine with the mind and body of hu-
mans (Harnard, 1991). However, there are crucial differences between the 
human mind and the computational machine which need to be elucidated 
so that the implications of such contrasts may shed light on the failures of 
the Turing Test.
 Thus far I have defined several key terms in this argument, delin-
eated the nature of the Turing Test, and attempted to begin to elucidate 
the relationship between the mind and machine in the context of artificial 
intelligence. I will now argue that implicative distinctions between the 
human mind and a machine permeate everyday life and undermine the 
very idea of artificial human intelligence, thereby emphasizing the short-
comings of the Turing Test. As Steve Harnard argues, most humans have 
the persistent intuition that machines cannot work the same way the mind 
does. We perceive “that these machines may be doing something clev-
er, but not clever enough,” and furthermore insist that while computers 
might mimic a human action, it is not doing it the “right way” (Harnard, 
1991, p. 43). This relentless conviction that most men have of the distinc-
tion between his mind and the machine therefore seems not to be based 
in fact. Take for instance that each person cannot even be sure another 
human has a mind much less that a computer has a mind. Nevertheless, 
there is convincing philosophical and logical evidence which clearly dis-
tinguishes the between the mind and the machine. I will now emphasize 
one of these theories.
 In 1931, Kurt Gödel published his incompleteness theorems. 
These describe a formal, sufficiently rich, consistent, and computable 
axiomatic system as one in which there is (1) a true sentence which the 
system cannot prove is true, and (2) as a system which cannot prove its 
own consistency. A consistent machine is one which will prove either 
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a sentence S or the negation of this sentence, ~S, but not both, for then 
every sentence would be provable.  Remember that we established above 
that a computer is nothing more than a formal system. So, in applying 
Gödel’s theorem to a consistent machine, there must be some truth that 
the computer cannot produce as being true. Such concepts are difficult to 
imagine, but in recent years relatively simple ideas have been established 
as fitting this criterion and are thus appropriately named “Gödel sentenc-
es.” Take the simple statement “I am not provable [in this system].” First 
let us approach this from mechanical computation: this English statement 
represents some theorem G, which is indeed not provable by axioms and 
rules in the system. Thus, the machine cannot make an assertion on theo-
rem G’s truth value (it is and the system can prove it). The mind however 
can think outside of the axioms and rules of the systems to understand 
that the statement is in fact true, because it is not provable. The mind can 
take the final crucial step towards understanding which the computer is 
simply not capable of taking. Dreyfus expands on this idea by arguing 
that humans “know how” to do something, which comes in the form of 
information that is not accessible in facts and rules, while computers are 
confined by such limitations, the “know what” of knowledge (2012, p. 
16-7). There thus emerges a fundamental difference between minds and 
machines: the mind can escape the rigid confinements of a formal system 
to understand what the machine cannot. 
 I will now show how this applies to my argument that the Turing 
Test cannot show a machine has human intelligence. Within this discus-
sion, I will attempt to better explain human intelligence—what it is and 
where it comes from. The capacity of the mind to reason is the antithesis 
of formal logic, for it enables man with the ability to exist outside the rig-
orous constraints of mechanic computations. The human mind therefore 
empowers creative, unsystematic thought. Such an idea is the basis of the 
reflection principle, which Roger Penrose explains as the ability of the hu-
man mind to reflect “upon the meaning of the axiom system and rules of 
procedure, and convincing oneself that these indeed provide valid ways of 
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arriving at mathematical truths, one may be able to code this insight into 
further true mathematical statements that were not deducible from those 
very axioms and rules” (1989, p. 110). This principle harkens back to the 
contrast between the finite nature of machines and the limitless mind. 
We see that the mind seems to have no “Achilles heel,” as it seems to have 
no limit to the knowledge it can hold and apply. As Lucas asserts, when 
it comes to the human mind, “there is always more to be said” (Lucas, 
1961, p. 117). This seemingly superiority of the mind over the machine 
is born in fact from the fallibility of humans—our inability to define our 
minds. We do not even know what kind of “hardware” we ourselves are. 
“[T]he anatomists and physiologists, especially those who study the brain 
- have absolutely no idea how our mind works either” (Harnard, 1991, p. 
43), and from this complexity is exemplified the key difference between 
the mind and the machine: the machine is defined—a sequence of exact 
code bursting with detailed instruction designed for exact situations with 
perfect input—while the mind, is not. Therefore, I will now argue that a 
machine passing the Turing Test does not mean it has human intelligence 
but only means that the test is incomplete as it does not judge the entirety 
of man’s intellect. 
 As promised, I will now delve into a further discussion of human 
intelligence. In his paper “Moving Beyond the Turing Test,” Robert French 
asserts that “human cognition emerges from a complex, tangled web of 
explicit, knowledge-based processes and automatic, intuitive “subcogni-
tive” processes, the latter derived largely from humans’ direct interaction 
with the world” (2012, p. 74). As referenced in Steve Harnard’s assertion 
above, we are unsure of what many of these processes of the human mind 
are. Furthermore, French argues it is simply impossible for a machine to 
have human intelligence when it has not experienced the world as man 
has. Therefore, it is impossible for a machine to pass the Turing Test 
(2012). So much of what man takes for granted in his existence contrib-
utes to his intelligence: the mere existence of our body offers physiological 
insight and knowledge of action and interaction. It is from our human 
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senses that we perceive and interpret the world and from our human 
development and quirks that we understand our lives. Dreyfus asserts 
that “human beings acquire a skill through instruction and experience,” a 
characteristic of humanity which shows that there is more to intelligence 
than “calculative rationality” (2012, p. 19-20). Computers are certainly 
“more precise and more predictable than we, but precision and predict-
ability are not what human intelligence is about” (Dreyfus, 2012, p. xiv). 
Human intelligence is living, evolving and growing with the human mind 
and body. It is not to be captured or calculated, frozen in the cold metal 
and stiff wires of a computer. 
 A machine cannot capture human intelligence because it is not 
complex enough. In his work “The Structure of Knowledge,” H.M. Collins 
explains that there are four types of knowledge: symbol-type knowledge, 
embodied knowledge, embrained knowledge, and encultured knowl-
edge. He argues that the failure of the Turing Test lies in its ability to only 
address symbol-type knowledge— “knowledge that can be transferred 
without loss on floppy disks and so forth” (1993, p. 99).  As I established 
above, computers are nothing more than symbol-manipulators, and thus, 
in the case of the Turing Test, they must decompose each sentence they 
are tasked with responding to by breaking it down into a sequence of sym-
bols. Humans do not do this because we have “a flexibility, judgement, and 
intuition that resist[s] decomposition into specification” (Dreyfus, 2012, 
p. 63). Man has the ability “to recognize, to synthesize, to intuit” (Dreyfus, 
2012, p. xiv) and these characteristics of humanity are simply not born 
from the computations of mechanical programs. 
 Human intelligence thus reaches into the expanses of our exis-
tence, fed by our social interactions, bodily perceptions, and cognitive 
experiences. The knowledge man gleans from the mere passage of his life 
is not one that a machine could ever encode. The human life, while able to 
be defined in years, is infinite in experience, built upon layers of intricate 
interaction between the physical world, the tangible body, and the men-
tal psychology. Dreyfus captures this idea in “commonsense knowledge 
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problem:” determining how a machine could possibly be able “to store 
and access all the facts humans seem to know” (2012, p. 78).  H.M. Collins 
even undermines the idea of scientific knowledge. He explains that scien-
tific knowledge is a branch of human intelligence that was before thought 
to surely be able to be encoded into a computer. However, he asserts that 
even this seemingly objective academic endeavor is rooted in social intel-
ligence. “Agreement on the existence of natural phenomena seems to be a 
social agreement” and most “of what we once thought of as the paradigm 
case of ‘unsocial’ knowledge—science and mathematics—has turned 
out to be deeply social” (Collins, 1993, p. 102). Human beings are social 
creatures, and so much of what we are—what we know—is defined, in-
fluenced, and shaped by others. How is a computer ever to hold not only 
all this knowledge in its wires and hard drives, but also an intelligence 
of society, self, and the relation between the two. In short, I argue that it 
cannot. 
 Therefore, in the case that a machine does pass the Turing Test, 
we see that it is not because it possesses human intelligence. It is instead 
because the Turing Test is an invalid way to gauge whether a machine has 
human intelligence. In “The Trouble with the Turing Test,” Mark Halpern 
cites several examples of interactions between a man and a machine that 
take place during a Turing Test. In one such instance, the human judge 
makes a mistake in his typing to the computer, misspelling “tough” and 
“topugh.” The computer picks up on this typo, as another human would, 
and makes fun of it, mocking the man’s statement by responding that 
“how to live is a topugh [question]” (Halpern, 2006, p. 61). The machine 
in this case was the winner of the 1991 Loebner Competition, an annual 
competition to create a computer that best approximates artificial intel-
ligence as Turing defined it. This machine passed the Turing Test—not 
because it has human intelligence, but because it has artificial intelligence 
as Turing defined it. Recall, this means the machine is indistinguishable 
from a human in its responses. However, as Halpern argues, “even giv-
ing plausible answers to an interrogator’s questions does not prove the 
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presence of active intelligence in the device through which the answers 
are channeled” (2006, p. 62). While Turing argued that giving plausible 
human-like answers is proof of human intelligence, I instead assert the 
emphasis on judging human intelligence should not be based on the 
observable results but rather the internal processes. To reiterate: the huge, 
complex, expanse and abilities of the human mind are not understood, so 
of course human intelligence, a process of the mind, cannot be coded as 
an internal procedure of a machine. Thus, I have shown that in no cases 
should the Turing Test show that a machine has human intelligence. A 
computer should not pass the Turing Test in the first place as human in-
telligence is a code which cannot be programmed; however, if a machine 
does pass the test, it is at the fault of the test and not the victory of the 
computer.  
 So, is the Turing Test a failure? I have argued that in its current 
state, yes, it is, for it does show that a computer has human intelligence. 
Furthermore, I also assert that no version of the test will prove that a 
computer has human intelligence. However, this is not at the failure to 
modify the test, but because it is impossible to code human intelligence 
into a computer such that it may be evaluated correctly by any version 
of the Turing Test. This is not to say that many have not tried to modify 
the Turing Test. One of these endeavors is explained by Steven Halpern 
in his modified version of the test, which he labels “TTT.” In this version, 
the machine is a robot, not a computer, hooked up to a teletype machine. 
This robot “must be able to do, in the real world of objects and people, 
everything that real people can do, in a way that is indistinguishable (to a 
person) from the way real people do it.” Halpern believes TTT is the most 
likely candidate for “maximizing the likelihood of converging on the true 
necessary and sufficient physical conditions for having a mind” and thus 
providing “the most likely route to the discovery of any functional models 
(if they exist) that may underlie our behavioral capacity” (2006, p. 44-5). 
 In the context of my argument that human interaction with the 
world is key to man’s intelligence, this TTT version of the Turing Test 
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seems to be a plausible modification. However, as I argued above, as re-
sponding linguistically as a human would does not prove human intelli-
gence similarly, interacting physically with the world as a human would 
does fails to show human intelligence. For the key in the impact of our 
interactions on our intelligence is not the physical motions themselves, 
but rather the impetus and impact of the physical motions within our 
minds. This is to say: what we learn, how we store it, and how we apply 
it. We can certainly build a robot that lives in the world just as we do, but 
that does not mean the robot lives in its own world as a result of the world 
just as we do. There are traffic control computers that adjust the pattern of 
red/green lights for traffic changes throughout the day, others that judge 
and react to possibly offensive content in videos, and even computers that 
converse with individuals in extremely human like ways on a daily basis 
such as Siri or Alexa. Yes, these abilities are very humanlike, but they 
simply are not controlled by a human mind nor do they impact a human 
mind because we cannot program a human mind because we do not know 
what the human mind is! 
 Thus, the Turing Test is a failure, but not at any fault of human 
intellect to design a better test. In fact, it is at the superiority of human 
intelligence that the test is a failure. In whatever form imagined, the test 
will be a failure because it has set out to measure the immeasurable, and 
to test whether a computer has something it cannot have. Importantly, the 
Turing Test was not a pointless endeavor, for it has enabled us to explore 
the relationship between man and the machine and man with himself, but 
it is time for the Turing Test to exit the stage and allow the future of me-
chanical evolution to exist outside of its constraints. We should no longer 
confine ourselves to replicating human intelligence. 
 Such an assertion is surely a blow to artificial intelligence devo-
tees for it seems to undermine the core of their pursuit, but in fact, my 
argument frees future generations of programmers from Turing’s shadow. 
Here, I will explain why this failure of the Turing Test actually emphasiz-
es how far machines have come and how far they will surely go in their 
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abilities. Robert French agrees, and he insists that “we need to put aside 
the attempt to build a machine that can flawlessly imitate humans,” for 
what need do we have for a computer that misspells words just as we do 
for the sole purpose of convincing another of its humanity (2012, p. 74-5). 
The wonder of computers is that they can do what man cannot—they 
facilitate communication, mathematics, art, and so much more in ways 
that man could have never imagined. Man already exists: human intel-
ligence is already established. Rather than forcing ourselves create what 
already is, let the field of artificial intelligence invent what there is not. 
As French goes on to argue, “we should accept the computer as a valid 
interlocutor and interact with it as an interactive, high-level, sophisticated 
information source” (2012, p. 75). In doing this, we can still make techno-
logical progress, even if it is not the progress that Turing imagined. French 
imagines computers of the future which “will potentially be able to see 
patterns and relationships between patterns that we, with all our experi-
ence in the world, might simply have missed,” can discover mathematical 
theorems, or can sort through the seemingly incomprehensible amount of 
data in our modern world (2012, p. 77). The Turing Test is a testament to 
the achievements of artificial intelligence. By emphasizing the mechanical 
nature of this field, we can make boundless progress which moves beyond 
what human intelligence is capable of.  
 The idea of a realm outside human intelligence is scary, terrifying 
even, for it has been a beacon of humanity that our minds can understand 
anything. Yet we cannot seem to grasp why a computer cannot think as we 
can. It is an ideological battle: rationality versus faith. For if we accept that 
the Turing Test will not prove a machine has human intelligence because 
a machine cannot have human intelligence, then we are accepting “some 
special property that science will never understand—a “soul” or some 
similarly mystical entity” (Halpern, 2006, p. 62). However, the answer to 
this dilemma parallels, ironically, the very difference between the human 
mind and the machine: machines are black and white, but we established 
the human mind has the capacity to consider outside the formal bounds 
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of definition and rules. There are two clear options: either computers have 
human intelligence and can think as a human can or they cannot. Halp-
ern, however, proposes a third option for the human mind to consider—
agnosticism, “accepting that we have not yet achieved human intelligence 
and have no idea if we ever will” (2006, p. 63).
 Human evolution is not paralyzed by the agnostic questioning of 
a God, so let technological evolution not be stalled by the similar puzzle 
of human intelligence. By moving past the Turing Test, both humans and 
computers are free to evolve along their own paths. In order to achieve 
this, researchers “should be clearer about the distinction between using 
computers to understand human cognition and using them to achieve 
artificial cognition” (French, 2012, p. 77).  In other words, we must more 
deeply probe the relation between the mind and the machine. Accepting 
that the Turing Test will not prove a machine has human intelligence en-
ables artificial intelligence workers to focus now on advancing human and 
mechanical understanding—enriching the abilities of both entities and 
furthering the evolution of each along their own paths instead of forcing 
one to mimic the path of another. Who knows what discoveries and ad-
vancements lie ahead when we free ourselves from the safety of retracing 
our own world and jumping into the new road of the computer. 
 Just as space is a new frontier, there is too a new frontier in tech-
nology—an undiscovered abyss of mechanical potential that we may ex-
plore by accepting it is a different land from that of our own. Humans and 
computers are of different planets—the former runs by blood and organs 
and is powered by the mind (or soul, or something else entirely) while the 
latter is a world organized by copper and wires and energized by algo-
rithms and code. We can do different things, but more importantly, we 
should. In short, who cares if a machine has human intelligence, because 
maybe machines can have their own intelligence.  
 In working through these questions of machines, the mind, and 
the Turing Test, I have defined each of these entities, argued that the 
machine and the mind are fundamentally different, and established that 
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a machine cannot have human intelligence. Therefore, I assert that the 
Turing Test ought to be abandoned as a test to show human intelligence in 
a machine, for it seems to be a pointless endeavor to measure that which 
cannot be measured. To capture my argument more simply, I believe that 
every part of the human existence—our bodies, our social interactions, 
our inner thoughts, and so on—connect to give us our unique intelligence 
in such a way that a computer, no matter how human like it is in its own 
body, social interactions, and inner thoughts, might ever have. I have 
attempted to show that the human mind is infinite—it seems to have no 
limit to what it can process, no “blind spot” to what it cannot see. I argue 
that to believe in the uniqueness of human intelligence is okay, even nec-
essary. We ought to turn away from the goal of recreating human intelli-
gence and instead focus on the task of advancing machine intelligence.
 In our effort to accept the failure of the Turing Test’s ability to 
prove human intelligence arises a paradox of man’s relationship to the 
computer: we are the controllers of machines. Man is able to decipher 
their complex codes and tangled wires, but it is in our creation that man 
may see how little control he has over himself and what minimal under-
standing he has into what drives his own existence. We proclaim ourselves 
the gods of the computer—technological warriors battling our animal 
fallibility and striving for total dominance over ourselves and our ma-
chines. However, in reality, we have yet to even accomplish the first step, 
for man does not even understand himself and his own intelligence, does 
not even have the map to his own mind nor the key to what he is capable 
of. Man hopes that in mastering artificial intelligence he will master hu-
man intelligence, thus unlocking the secrets of the self that have plagued 
humanity for centuries. The danger in this, I caution, is that perhaps to 
totally understand our mind we will become machines ourselves. Part of 
the wonder of being human is our “being”—the opportunity to exist in 
ambiguity and uncertainty. Let us not force human and mechanical evolu-
tion to converge into one but let each offer their own beauty and progress 
to the world so that we do not subject ourselves to the definite rules of 
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formal mechanization. Perhaps man is terrified to admit his inability to 
explain himself. Doing so and accepting the failure of the Turing Test, 
means accepting our humanity—our inability to know why and how we 
know. Man is haunted by the question of himself, but maybe this fear in 
itself is what drive human intelligence in a way that it maybe could never 
do for machines.        
 Who knows whether the code of our mind has been written, for 
such a question introduces the role of a God or supreme creator. Maybe 
we are the machines of this God, just as we see ourselves to be the gods of 
our own machines. Maybe some future generation will completely under-
stand the human mind and be able to map out all corners of humanity, 
and thus will be able to code it into a computer and create human intel-
ligence. I repeat myself then, for I do not then see this new computer as 
a machine, and furthermore, maybe then I do not see our future descen-
dants as human. Our own humanity—our awareness of our existence 
and the meaning that it holds, our questions of what we are and how we 
are—drives our unique intelligence, which subsequently adds more depth 
to our lives, powering an infinite circle which can never be captured nor 
proven in such a way that we stay human and machines stay machines. I 
am not certain I am correct—I cannot prove it by any rules or code—but 
this is what makes me human. 
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